This paper uses panel data and two welfare indicators, namely per capita expenditure and per capita food expenditure, to determine the frequency that the households enter poverty and food poverty in the Philippines. Unlike other studies, this paper attributes similar factors to explain transient and chronic poverty but finds that these factors are more pronounced for the chronic cases. Significant factors that contribute to both chronic and transient poverty and food poverty are the household heads' low educational level, affiliation in economically unstable and risky occupations such as those in the agriculture, fishery and resource sectors and those who are unskilled laborers, the lack of health insurance and high dependency burden. It also finds that that vulnerability to poverty and food poverty in the Philippines is high especially in the rural districts and areas with armed conflict.
Introduction
Poverty affecting households is a state or condition of deprivation in a particular period of time where household members are deprived of their economic well-being. They lack the means to achieve the basic necessities in life such as food, housing, clothing, basic services such as health, education and lack the capacity to achieve basic well-being. Vulnerability to poverty involves exposure of a household and its family members to a high probability of poverty although the household may not be permanently poor all the time. This vulnerability and risk of exposure to poverty may be due to a persistent lack of income and access to basic needs as well as sudden shocks. The shocks can be household-specific such as illnesses, fire and localized job loss. It can also be community-wide or region-specific such as natural disasters and armed conflict and it can be in macroeconomic-scale such as financial crisis, economic recession and other economic shocks leading to loss of jobs, closure of credit lines and/or inflation. Vulnerability consists of economic insecurity based on exposure and risk to poverty in the present and future, so the concept runs across time and is therefore dynamic in nature, as opposed to the state of poverty, which is a condition of the household in a specific period of time (Duclos 2002) .
The chronic and transient poverty concepts can be easily used in the important issue of vulnerability of households or families to poverty. This issue is a natural offshoot arising from the transient component of poverty although the literature has argued that poverty and vulnerability are two distinct concepts. While changes in socio-economic status such as job loss, lower wages and death of a household member can be focused on as sources of vulnerability, the lack of coping mechanisms such as insurance and access to credits may prevent one from being poor. The job loss of a household member does not necessarily put the household into poverty in relation to its ability to meet their consumption if credit is available. It is clear that vulnerability hinges on the identification of the transitory poor, on the identification of triggers that may cause the non-poor to cross the other side of the poverty threshold and the availability of safety nets that may prevent the non-poor from becoming poor. Vulnerable economic units consist, therefore, of segments coming from both the poor and non-poor. The former becomes part of the chronic poor while the latter becomes part of the transient poor.
The Philippines has a long history of battle against poverty and this is reflected on the government's different anti-poverty programs integrated in the various governments' Medium-Term Development Plan 1 . Despite these, the country still has to achieve its Millennium Development Goal milestones in poverty reduction. The country can, therefore, benefit from the findings of studies within the dynamic setting. From a policy standpoint, understanding both the chronic-transient poverty and povertyvulnerability paradigm is crucial in crafting the right mix of short-and long-term anti-poverty programs. For example, the lack of preventive measures stemming from the lack of strategy to correctly identify the causes of vulnerability may lead to chronic poverty. The effectiveness of government programs relies on a more correct targeting strategy to avoid leakages.
This research is motivated to analyze the determinants that may explain the frequency of experienced poverty in the Philippines using the Annual Poverty Indicator Survey (APIS) and the Family and Income Expenditure Survey (FIES) collected by the National Statistics Office in the 2000s. The spells approach, which counts the number of times the household becomes poor, is employed. Two welfare indicators are used, namely the per capita expenditure and the per capita food expenditure. These are compared against the per capita poverty threshold and the per capita food thresholds to determine the households that are poor and food-poor at a given point in time.
Using Multinomial Logit, results indicate the importance of the household head's education to ward off high frequencies of experienced poverty and food poverty. High dependency burden of young household members, job loss or income reduction and natural disasters or poor health increases the likelihood of households to experience high frequency of poverty. Similar findings can be noted for households in rural districts and areas with armed conflict.
Results on Probit regressions on the transient or chronic poor versus never poor households indicate that both transient and chronic poverty are affected by mostly similar sets of explanatory variables except that the effects on chronic poverty and chronic food-poverty are more pronounced. Results indicate the importance of the education and age of the household head and low dependency burden to deflect both types of poverty. However, there are some factors that are significant only for either transient or chronic poverty. While certain occupations such those in the agriculture, fishery and resource sectors and manual/unskilled labor affect both transient and chronic poverty, household heads who are trade workers, plant and machine operators/assemblers and clerks are more likely to experience transient poverty. While shocks do not affect transient poverty, households that experience higher earnings, new job, abundant harvest, better health or receipt of remittance/inheritance are less likely to be chronically poor. Shocks related to labor market affect both transient and chronic food poverty while natural calamities or health deterioration of any household member increases the probability of the household falling into chronic food poverty. This paper is organised as follows: Section 2 reviews the related literature on the measurement of vulnerability and provides an overview on poverty studies in the Philippines using panel data. Section 3 discusses the data sources, samples and poverty lines. Section 4 discusses the empirical strategy to estimate the frequency of experienced poverty and to correct for attrition bias and section 5 discusses the results. Section 6 summarizes and concludes.
Review of Literature

Methods to Measure Vulnerability
The World Bank (2000) identifies the earlier methods of measuring vulnerability. One method is the use of transition matrix to depict the movements in and out of poverty and to determine entry and exit probabilities. Another method is to estimate income variability, the idea of which is that two groups with the same income or expenditure but with different income variability would have different vulnerabilities. The groups with more stable income would be less vulnerable. There is also the method of identifying the length and frequency of poverty spells. When panel data are available, it becomes possible to determine the number of times the households fall into poverty. Households that fall into poverty just a few times are the transient or temporary poor. These are part of the vulnerable groups and those that have been poor in all of the sample years are considered the chronic poor. This is the approach used in this paper.
Other methods to measure vulnerability can be found in Hoddinott and Quisumbing (2003) . These include treating vulnerability as expected poverty (Chaudhuri et al. 2002 (Chaudhuri et al. , 2005 Yang and Choi 2007) , vulnerability as low expected utility and vulnerability as uninsured exposure to risk.
Chronic and Transient Poverty in the Philippines
Studies on poverty in the Philippines abound (see for example Balisacan 2003a Balisacan , 2003b Pernia 2002: Lim 2009 ). However, these researches are done using cross-section or descriptive data and as such only identify the poor at a given point in time. There is neither insight on the length of poverty spells nor information on the characteristics of economics units experiencing these spells. Although the persistence of poverty in the Philippines has already been discussed by Balisacan (2007) , the study has used time-series data and is concerned on the aggregate picture of poverty.
Recently available data have made it possible to analyze the Philippine poverty in a panel setting, however. One rich source of such data is the chronic poverty and hunger and the 'self-rated poverty' being monitored quarterly by surveys undertaken by the Social Weather Stations. Here respondents are asked if they experienced poverty and hunger. They are then asked if they had experienced poverty in the last five years (year by year) and if they experienced hunger in the last twelve months (month by month). Chronic poverty and chronic hunger and their trends over quarters and years can be estimated from these survey results (Mangahas 2008; Mangahas and Guerero 2012) .
Another publicly available data which can be formed into a panel include selected years of Family Income and Expenditure Surveys (FIES) and the Annual Poverty Indicators Surveys (APIS). These datasets are used by Reyes (2003) and Reyes et al. (2010) to analyze the transient and chronic poverty in the Philippines using the spells approach. Results from these studies indicate higher transient poverty than chronic poverty. Logit regression analyses have been used by these earlier papers to predict factors determining chronic and transient poverty The papers have found that structural characteristics of the household such as family size, educational attainment, agriculture or non-agriculture income, quality of assets and infrastructure affect a household's probability of entering chronic poverty, while exposure to risks such as natural calamities and lack of safety nets are more connected to transient poverty. Results also indicate higher poverty in Mindanao, lower in Luzon and more in agricultural areas.
While the present study uses the same survey datasets used by Reyes et al. (2010) , it has salient points of departure. One, this study has used smaller sample size due to stricter guidelines on the merging of the datasets. Two, this study has found attrition bias in the formed panel data and has attempted to correct for it in all the regression runs. Three, this study finds that both transient and chronic poverty are affected by the same factors, except that the factors have more pronounced effect on the chronic poverty.
Data and Preliminaries
Data sources and Samples
The datasets to be used will be the Annual Poverty Indicator Survey (APIS) in 2004 , 2007 and 2008 and the Family Income and Expenditure Survey (FIES) in 2003 and 2006 conducted by the National Statistical Office (NSO) in the Philippines. APIS is a nationwide survey designed to provide access and impact indicators that can be used as inputs to the development of an integrated poverty indicator and monitoring system. The APIS covers all 82 provinces of the country including all cities and municipalities in Metro Manila. FIES is also a nationwide survey every three years by the NSO as rider to the Labour Force Survey and collects detailed expenditure and income data.
APIS collects household and member data. The household data contains information on the household head such as age, sex, marital status, highest grade attained, employment data and job-related injuries. It also contains detailed household assets, income sources and expenditures. The 2004 APIS household data contain information on the positive and negative shocks experienced by the household and a self-rated change in social status. The member data contain information on the household members such as age, sex, marital status, highest grade attained and job-related information. FIES collects more detailed income sources and expenditures. All the individual information such as age, sex, marital status and employment data pertain to the household head.
APIS and FIES can be merged to form a panel dataset. This can be done since there is a master sample based on the results of the Census of Population and Housing and a portion of the master sample is retained that the NSO re-surveys for some period. These samples will be replaced by another set of samples to be tracked again after some period. For the purpose of this research, NSO has provided us with the second rotation of replicate four of 2003 and 2006 FIES and 2004 , 2007 and 2008 APIS. Merging of these datasets is done by creating a household identification number through the concatenation of various geographical variables namely, region, province, municipality, barangay 2 , enumeration area, sample housing unit serial number and household control number. There are 6701 samples that are common to the five datasets. The samples are further limited to households that satisfy two criteria. One, the sex of the household head should be the same throughout the period. Two, the age of the household head should be consistent as well. For example, the age difference of the household head in 2003 FIES and 2004 APIS should be either zero or one while the age difference of the household head between 2004 APIS and 2006 FIES should be either two or three. These criteria are set to ensure that we are tracking the same families throughout the period. There are 2571 samples left when these additional restrictions have been imposed.
To make the results comparable across time and space, all incomes and expenditures are expressed in 2003 National Capital Region (NCR) prices. The provincial price data are from the National Statistical Coordination Board. In addition, all the relevant APIS incomes and expenditures are multiplied by two since the reference period of APIS is past six months while that of the FIES is one year.
Poverty Lines
The NSO in the Philippines releases the official poverty threshold.
3 The estimation of the poverty threshold starts with the computation of the food threshold, which is determined by using regional menus priced at the provincial level. The one-day menus were determined by the Food and Nutrition Research Institute (FNRI) using low-cost, nutritionally adequate food items satisfying basic food requirements of 2,000 calories, which are 100 per cent adequate for the Recommended Energy and Nutrient Intake (RENI) for energy and protein and 80 per cent adequate for the RENI for vitamins, minerals and other nutrients. These menus were used to estimate the per capita per day food cost. This is then multiplied by 30.4 (approximate number of days per month) to get the monthly food threshold or by 365 days (30.4 days/month x 12 months) to get the annual per capita food threshold.
After the computation of the food threshold, the estimation of the poverty threshold to include the additional income required for the sustenance of the minimum non-food basic needs follows. Non-food basic needs include the following: clothing and footwear; fuel, light and water; housing maintenance and other minor repairs; rental or occupied dwelling units; medical care; education; transportation and communications; non-durable furnishing; household operations; and personal care and effects. Hence, to compute for the poverty threshold, the food threshold is divided by the proportion of the food expenditures (FE) to total basic expenditures (TBE) derived from the latest FIES using the FE/TBE's of families within the +/-ten percentile of the food threshold. The food and non-food thresholds make up the poverty threshold. 
Methodology
The Spells Approach, Multinomial Logit and Probit Regressions
This paper uses the spells approach which determines the frequency that a household enters poverty in the sample years. Two welfare indicators are used namely, the per capita expenditure and the per capita food expenditure. The former will be compared against the poverty threshold and will be referred to as poverty all throughout the text. The latter will be compared to the food threshold and will be referred to as food poverty.
Descriptive data will be given on the frequencies of poverty and food poverty nationally, by urban and rural categories and by the regions of the country. Multinomial Logit regressions will then be used to analyze the determinants of the frequency that the household is poor. Using detailed dummy variables has caused the failure of Multinomial Logit runs to converge and no meaningful marginal effects have been estimated. Therefore, the dependent variables for the Multinomial Logit regressions are parsimonious. These include data pertaining to the household head, head's spouse and family size in the initial period. Shocks in 2004, geographical dimensions and the mean number of household members by age group are included as explanatory variables as well.
The analysis is enhanced by using Probit regressions for panel data. Preliminary runs using the Probit regressions indicate no problems using detailed dummy variables. Therefore, the dependent variables include detailed dummy variables for the household head's educational attainment and occupation, shocks in 2004, geographical dimensions, changes in the household composition by age group and changes in the number of employed household members.
For the Probit regressions, this paper defines once or twice poor as transient poor or the less vulnerable group. Those that are three, four and five times poor are considered chronic cases of poverty.
Attrition Bias
Since the research will utilize panel data, a necessary preliminary data mining will be to check for attrition bias. A common issue to the use of any longitudinal data is that the sample collected becomes smaller on succeeding resurvey, which can when the original sample refused to participate again or became unable to participate or can no longer be tracked down. This problem becomes serious when nonparticipants have systematic characteristics that are related to the outcome being investigated. If poor households are more likely to drop out of the succeeding surveys, then estimates based on the remaining samples are likely to be biased. Using these estimates as basis for policy recommendations is likely to raise objections from an empirical standpoint. 
and for the available data
the problem of sample selection occurs. Attrition bias is just a case of selection where the sample is limited not by the researcher, rather by the non-participation of survey respondents. Miller and Hollist (2007) argue that attrition bias can affect the external and internal validities of multiwave studies. External validity is questionable when the characteristics of the resulting subsequent samples are not generalizable to the initial samples. Internal validity is questionable when the correlations among the variables are altered as a result of samples dropping out of the succeeding survey waves. While the NSO has ensured that each replicate of the APIS and FIES possesses the properties of the master sample, we have imposed additional restrictions to ensure that the same families are tracked throughout the periods of observation. These restrictions could be a possible window for attrition bias.
To test for the presence of attrition bias, we follow Miller and Wright (1995) and run a logit regression on 'stayers' 4 using the independent variables extracted from the first wave. Independent variables include the characteristics of the household head, household assets and geographical location dummies. These dependent variables should not be statistically significant to rule out attrition bias. Results 5 indicate that the characteristics of the household head and some of the regional dummies are statistically significant determinants of participation in the entire survey wave. Another method to check for attrition bias is to test for the equality of the two covariance matrices for the samples observed only in the first period and for the samples observed in all periods using the Box M-test. The null hypothesis using this test is that the two covariance matrices are equal indicating no threats to internal validity. The p-value computed using the Box M-test is 0.00 indicating rejection of the null hypothesis.
Since attrition bias is present in our data, we follow Heckman (1979) and the Inverse Mills' Ratio, ) (
, is computed from the probit regression involving the 'stayers'. IMR will be included as explanatory variables in the quantile regressions Table 1 shows the breakdown in the frequency of poverty at the national, urban-rural, and regional levels of the country. The figures show varying degrees of vulnerability to poverty in the regions of the Philippines and between the urban and rural divide. At the national level, table 1 shows that 59% of the sample households have become poor at least once during the sample years of 2003, 2004, 2006, 2007 and 2008 indicating high vulnerability to poverty in the Philippines. 75% of the sample households have become food-poor at least once in the sample years although this may be a bit exaggerated since much of the consumption of food may not entail monetary expenses especially in the rural areas where backyard food production for own family consumption is a predominant practice.
Discussion of Results
Descriptive Data
There is high vulnerability in the Autonomous Region of Muslim Mindanao (ARMM) where only 5% of the households have never been poor during the sample years. Only 3% in ARMM has never been foodpoor, while 70% and 85% have been three to five times poor and food-poor, respectively. Some of the other vulnerable regions are CARAGA 6 where only 17% is never poor and 6% is never food-poor. 60% and 75% have been poor and food-poor three to five times, respectively. Only 9% in the Cordillera Administration Region are never food-poor. Other poor areas are MIMAROPA On the other hand regions in Luzon such as Metro Manila, Central Luzon, CALABARZON 8 and Cagayan Valley are less vulnerable to poverty. Central Luzon and CALABARZON are geographically close to the Metro Manila area. CALABARZON is the only region with a higher percentage of never poor but where there are more households three to five times poor compared to once or twice poor. CALABARZON is comprised mostly of urbanized provinces including Rizal, Cavite, Laguna and Batangas. However, it also includes Quezon province that is very vulnerable to typhoons and floods.
For rural areas, only 29% has never been poor while only 15% has never been food-poor. 76% in urban areas, like the NCR, are never poor and 56% are never food-poor. Only 5% has been three to five times poor and 10% three to five times food-poor in the NCR.
Based on the results above, households in the Philippines are very vulnerable to poverty. The severity of the vulnerability is quite serious in rural areas and in many regions as indicated by the large percentages of households that are poor three to five times in the five sample periods. The regional disparities reflect differences in the quality of infrastructure, the vibrancy of the local economies, the economic and political stability of the areas and proneness to natural disasters -especially typhoons and floods. Table 2 shows the mean values of selected socioeconomic characteristics for each frequency of experienced poverty. Figures in the upper panel of the table indicate that never poor households are headed by people with higher educational attainment. It can be observed that educational achievement of the household head is lower as the frequency of experienced poverty increases. Never poor households are also headed by older people and the head's age decreases as the frequency of experienced poverty increases. The same observations can be noted for the age of the spouse of the household head. Never poor households are headed by service workers while those that experienced poverty at least once are headed by farmers, forestry workers and fishermen. The mean number of employed household members is similar across the frequency of experienced poverty. The mean family size for the never poor households is lower and this becomes higher as the frequency of experienced poverty increases. Looking at the age composition of household members, never poor households have the lowest mean number of young members particularly age groups between 0 and 15 year of age. Never poor households have higher mean number of household members aged over 25 years old. These households also are, on the average, extended households and have higher number of members who have health insurance. The figures indicate that never poor households are highest among those that reported to have experienced neither positive nor negative shock. Never poor households are also highest among those who reported to have experienced positive shocks. The same observations can be noted for negative shocks. The lower panel of table 2 shows the descriptive statistics using the per capita food expenditure and per capita food threshold to determine food poverty. Similar observations as above can be noted. Tables 3 and 4 show the marginal effects based on the estimates of the Multinomial Logit regressions for the frequency of experienced poverty and food poverty, respectively. From table 3, results indicate that households headed by at least a college graduate are likely to be never poor while households with high family size in 2003 are more likely to be always poor. Looking at the household member composition, results indicate that households with many young members are likely to experience higher frequencies of poverty. This is true for age groups between 0 and 15 year olds. Households with many members from 16 to 25 years of age are less likely to be never poor. In addition, households that experience positive shocks in the form of a new job with higher earnings or abundant harvest are less likely to be always poor. Households that experience negative shocks in the form of job loss or income reduction are less likely be never poor and are more likely to be always poor while households that have been stricken by natural disasters or poor health are more likely to be four times poor. In addition, households in areas with armed conflict are more likely to experience higher frequencies of poverty. Similar findings can be noted for rural households. Households with members who have health insurance are less likely to experience high frequencies of poverty.
Results Using Multinomial Logit Regressions
Results using the food thresholds are similar with the results above. From table 4, households headed by at least a college graduate are less likely to experience food poverty. In addition, households with big family size in the initial period are likely to be always food-poor. Looking at the household member composition, households with many young members are likely to experience high frequencies of food poverty. This is particularly true for households with many members with age less than one year, 1 to 7 years, 7 to 15 and 15 to 24. In addition, households that experience positive shocks in the form of higher earnings, a new job with higher earnings or abundant harvest are likely to be never food-poor. Households that reported better health, receipt of remittance or inheritance are less likely to experience frequent food poverty relative to households that have not experienced any shock. These are consistent with the results on the negative shocks in the form of job loss or income reduction. Households that have been stricken by natural disasters or poor health are less likely to be never food-poor. In addition, households in areas with armed conflict are more likely to experience higher frequencies of food poverty. Similar findings can be noted for rural households. Households with members who have health insurance are less likely to experience high frequencies of food poverty.
Results Using Probit Regressions 5.3.1 Comparing the Transient and Chronic Poor with the Never Poor
The first two columns of table 5 show the results for the more transient poor versus the never poor using the per capita expenditure and the poverty threshold as basis for determining the frequencies of experienced poverty. Columns 3 and 4 show the results for the more chronic poor versus the never poor.
Results reveal that households with heads that have higher education are less likely to be vulnerable to poverty. The effect of the high educational attainment is more pronounced for the chronic poor, however. Results also show that households with older heads are less likely to experience transient and chronic poverty. This is probably because older people have more skills and have more established networks in the labor market that shield their households from sudden poverty. Results also indicate that there are many occupations of the household head that may contribute to the household's poverty. For example, households headed by farmers/fisherfolks/forestry workers and laborers/ unskilled workers are more likely to be transient poor relative to those employed in the government. These are also the households that are more likely to be chronic poor. Other occupations that make transient poverty likely include trade and related workers, plant and machine operators and assemblers, and clerks. Those headed by service workers are also more likely to be chronically poor.
High dependency burden also appears to be a factor on transient and chronic poverty. While both transient and chronic poverty are positively affected by household with many members between 0 and 25 years old, the effect of many members between 0 to 15 years old is more pronounced in the case of chronic poverty. Households with many members beyond 25 years of age are less likely to experience both types of poverty. Its effect is more pronounced in the transient poverty, however.
Households that experience positive shocks in the form of higher earnings, new job, abundant harvest, better health or receipt of remittance/inheritance are less likely to be chronically poor. In addition, households that experience negative shocks in the form of job loss or income reduction are more likely to experience chronic poverty. Shocks do not have any significant effect on the likelihood of being transient poor, however. In addition, households in rural areas are likely to experience both types of poverty but the likelihood of being chronic poor is higher. Households in regions with armed conflict are more likely to be chronically poor while households with access to health insurance are less likely to be transient or chronic poor. Table 6 shows the equivalent results using the per capita food expenditure and the food poverty threshold as basis for determining the frequencies of experienced poverty. Similar to the above results, households with heads that have higher education are less likely to be vulnerable to food poverty. Households with older heads are less likely to be transiently and chronically food-poor. Relative to those whose heads are employed in the government, households headed by unskilled workers and those in the service sectors are more likely to be transient food-poor. There are many occupations that make the household more likely to be chronically food-poor, however. Relative to households headed by government employees, those headed by service workers, farmers, trade and related workers and unskilled workers are more likely to experience chronic food poverty.
Results on the high dependency burden of young household members have the same pattern as in table 5. For the transient food-poor, more household members in the more economically active age group negatively affects food poverty. However, in the chronic food-poor case, more household members aged 25 and above also contribute positively to chronically food-poor.
Households that experience negative shocks in the form of job loss or income reduction are more likely to experience transient and chronic food poverty. The effect is more pronounced on the likelihood of being chronically food-poor, however. Households that experience natural disasters or poor health are likely to be chronically food-poor while it has no significant effect on being transient food-poor. In addition, households in rural areas are more likely to experience both types of poverty but the likelihood of being chronic food-poor is higher.
Comparing the Chronic Poor with the Transient Poor
Using the poverty defined by per capita expenditure versus the poverty threshold and the food poverty defined by per capita food expenditure versus the food poverty threshold, table 7 compares the four to five times poor with the once poor households. The latter is a more stringent definition of the transient poverty. Results indicate that for both regressions, the household head's educational attainment makes the household less likely to be chronically poor and chronically food-poor. It can be noted, however, that the effect of educational attainment is more pronounced for the chronic food poverty.
Unlike in table 5 where there are many occupations of the household head that appear to contribute to the household's poverty, only the households headed by farmers and laborers/unskilled workers make the household more likely to experience chronic poverty and chronic food poverty. Results also show that households with older heads are less likely to experience chronic poverty and chronic food poverty. This suggests that the experience in the labor market of older people and the networks they have established during the course of their lifetime help households to ward off chronic poverty and chronic food poverty.
High dependency burden also appears to be a factor on chronic poverty and chronic food poverty. Households with higher members aged 25 and above make the household less likely to experience chronic poverty. The sign reverses for the chronic food poverty which suggests that households with large family size and living in intense poverty cut on food expenditures to allow for other necessary basic expenditures. Thus, even if there is a bigger number of household member in the economically active age group, the combination of other factors such as the lack of adequately paying jobs or job loss, low income, low skills and low education attainment, brings the family more into more chronic food-poor condition.
Households that experience positive shocks in the form of higher earnings, new job, abundant harvest, better health or receipt of remittance/inheritance are less likely to be chronically poor and chronically food-poor. Households that experience natural disasters or deterioration in health are more likely to be chronically food-poor. In addition, households in rural areas and in areas with armed conflict are more likely to experience both types of poverty except that the effect of these factors on chronic poverty is more severe.
Policy Implications and Challenges
Unlike other papers on chronic and transient poverty, the result of this paper attributes similar factors to chronic and transient poverty and food poverty. Defining transient as entering poverty fewer times and chronic as entering poverty several times, it is not so surprising that the same factors would affect the two groups except the effects would be more pronounced for the persistently and chronically poor. This paper finds that the variables that bring about vulnerability to poverty and food poverty are the household head's low educational level and unstable or economically risky occupations such as those in the agriculture, forestry and resource sectors and laborers/unskilled workers. Other factors of consideration also include geographical elements such as rural districts and conflict areas, lack of a wellpaying and stable employment and large dependency burden of young economically inactive household members who require significant expenditures to feed, educate and nurture.
While shocks do not affect transient poverty, households that experience higher earnings, new job, abundant harvest, better health or receipt of remittance/inheritance are less likely to experience chronic poverty. Shocks related to labor market affect both transient and chronic food poverty while natural calamities or health deterioration of any household member increases the probability of the household falling into chronic food poverty.
The implications of these results are quite important. It requires policy makers to be biased towards antipoverty strategies that develop infrastructures and invigorate local economies and promote market linkages and stable employment generation. Successful integrated area and rural development are essential for poverty reduction. It entails improving not only the continuing enrollment and uninterrupted studies of students up to high school and college levels but also the improvement of the quality of the educational system and ensuring that it will lead to stable employment at adequate pay levels. It entails policies to address the large dependency burden of young household members. This is a very controversial policy that the largely Catholic Philippines will have to address head-on.
The results also suggest strong climate change and disaster management program in areas prone to flood, drought and typhoon. It entails addressing problems in agriculture, the rural setting and the casual and informal labor markets.
The results also imply that there should be a strong link between developing technical/vocational skills and local livelihood opportunities to ensure that high school graduates who will not be able to afford college education will be equipped with skills that are valuable in the labor market. Strong link between the academe and the industry is also needed to ensure that the courses being offered in colleges and universities are relevant to the needs of the local labor market.
Better health care services and centers and health insurance schemes for the low-income groups should be strengthened as well. Resolution of decades-long problems in areas with armed conflict should be achieved as soon as possible. These areas are also the most underdeveloped in terms of infrastructure, local economies promotion and local governance.
Many of these will take some time and therefore safety nets and the mitigation of poverty are required for the chronic and transient poor. The current conditional cash transfer program of the government, which is being touted as the pillar of the anti-poverty strategy of the government, has a bigger mitigating and safety net component for addressing poverty. It also has long run implications such as the continuing education of children and the reduction of the incidence of poor maternal health. While the policy prescriptions above can partly address transient and chronic poverty, poverty reduction is multidimensional and requires the cooperative efforts of the national and local agencies of the government as well as the civil societies.
The attrition bias found in the panel data is mitigated by the inclusion of the Inverse Mills' Ratio in all the regression runs. In the future, data collection in the Philippines should be improved by tracking down economic units better in order to continue the analysis of poverty in the context of longitudinal setting and to allow for longer and good quality panel data. Right now, nationally representative survey datasets such as FIES and APIS use the household or place of domicile as the point of data collection. Surveys can assign unique identification numbers based on the household heads' information, for example. These identification numbers ensure quality and legitimate panel data. This study has to limit the sample based on the consistency of the household head's age and sex across the five-year period to partly ensure that the data tracks the same families over time. The use of weights to blow up the sample into population is also problematic since the weights assigned to the households differ across the years. In the end, this study does not use weights. In addition, important variables such as shocks are collected only in 2004. It would have been ideal to analyze the effects of these variables on year-to-year basis. Future poverty studies in the Philippines can therefore benefit from future data collection with longitudinal objectives and perspectives. Figures are obtained by issuing mfx command after the xtprobit command in Stata. Reference category for the household head's education is no grade completed. Reference category for the occupation is government employees. Reference category for the changes in the number of employed household members is "decrease in the number of employed members". */**/*** indicate significance at the 10/5/1% level. 0.000 0.000 Figures are obtained by issuing mfx command after the xtprobit command in Stata. Reference category for the household head's education is no grade completed. Reference category for the occupation is government employees. Reference category for the changes in the number of employed household members is "decrease in the number of employed members". */**/*** indicate significance at the 10/5/1% level. 0.000 0.000 Figures are obtained by issuing mfx command after the xtprobit command in Stata. Reference category for the household head's education is no grade completed. Reference category for the occupation is government employees. Reference category for the changes in the number of employed household members is "decrease in the number of employed members". */**/*** indicate significance at the 10/5/1% level.
